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Abstract
Objectives: Badminton performance analysis and profiling are essential steps in badminton coaching in order to identify 
the strengths and weaknesses of an athlete. Methods: In this paper, we investigated and identified the key potential and 
limitations of the Microsoft Kinect sensor for badminton performance analysis, particularly on novice badminton player. 
A survey was conducted during badminton event of SUKMA in order to determine which strokes are important to novice 
level player, where participants include coaches from different states of Malaysia. The essential strokes were then analyzed 
by Microsoft Kinect sensor. Findings: The survey results indicated that there are four main strokes to be mastered by 
novice level player, such as clear, net, lift and smash. Moreover, the key selected badminton strokes as identified by expert 
coaches such as forehand crosscourt lift, backhand touch net, backhand lift, forehand lift, forehand push net, backhand 
clear, backhand push net, forehand touch net and forehand clear can be measured and analyzed accurately and consistently 
with Microsoft Kinect sensor. However, the sensor measurements are limited for badminton strokes such as static smash, 
jump smash and overhead forehand clear. The major reason for such limitation is mainly due to occlusions and loss of 
acquisition data due to fast moving motion. Improvement: Therefore, the current performance analysis algorithm using 
skeleton information will be incorporated with color information in future to resolve the occlusion issue.

1. Introduction
In sport science, observable behavior changes from ath-
lete are indeed important in coaching process. In order to 
improve performance of athlete effectively, the coaching 
skill relies heavily on performance analysis1. Generally, 
athlete performance profiling is performed to identify 
the strengths and weaknesses of an athlete. Such valuable 
technique is often employed to organize training, prepa-
ration and the development of an athlete2. Moreover, 
performance profiling can provide insight information 
on athletes, where a realistic goal setting can be imple-
mented and assist in maximizing the motivation of 
athletes3. Meanwhile, the study by Weston, et al.4 indi-
cated the athletes’ positive perceptions of the impacts of 
performance profiling. From their work, athletes believed 
that performance profiling is indeed important to raise 

self-awareness, self-motivation, assist in deciding the 
important task to work on, setting goals, performance 
monitoring and evaluation and responsible for their 
development. Furthermore, Andrew, et al.5 found that 
the majority of coaches praised the usefulness of the per-
formance profiling as part of the wider coaching process. 
Generally, athlete performance analysis is divided into 
biomechanical and notational analysis6. Biomechanics 
analysis of human motion is the acquisition, observation 
and definition of human motion during a certain period 
of time and afterwards its assessment7. Technically, bio-
mechanical analysis technique contributes to identify 
injurious movements while notational analysis assists to 
assess physiological and psychological demands of sports.

Badminton is an indoor racquet sport which is played 
either at a casual or competition level. In Malaysia, bad-
minton is one of the most favorable sports as well as in 
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countries such as China, Indonesia, Korea and Denmark, 
among others. The sport can basically take place with 
either two opposing players (singles) or opposing pairs 
(doubles) within a center netted rectangular court. As 
compared with other racquet sports, such as tennis and 
squash, badminton is the world’s fastest racquet sport in 
accordance with shuttlecock speed8. Moreover, badmin-
ton is a highly technique-oriented sport with complicated 
skills. Generally, a badminton player should be able 
to strike a shuttlecock with force called ‘stroke’ which 
requires elegant and delicate techniques that must be 
constructed and delivered through precise basic skills, 
powerful strength and coordination9. Over the years, 
numerous researches have been carried out to analyze 
the movement of a badminton player, such as badmin-
ton smashing10–13, service14–16 and swing17. However, most 
of the literatures abovementioned perform computer-
ized analysis on badminton strokes using spatiotemporal 
(x-y-t) information without depth data. Such phenom-
enon might result performance degradation in terms of 
consistency and accuracy. In the real world, human body 
movements are indeed of 4-dimensional, x-y-z-t. 

In the last two decades, athlete performance analysis, 
such as in badminton was mostly qualitative in nature. 
However, with the proliferation and advancement of com-
puter and communication technologies which is related 
to input acquisition sensor, computer hardware and 
algorithms in recent years, computerized human motion 
analysis for athlete are becoming more popular. These 
systems are increasingly used to monitor performance 
of athletes, assess risk of injury and to support coach-
ing activities such as in badminton10–12,18,19. However, 
majority of the approaches consisting of video analysis 
and adoption of physical body markers have inherently 
shortcomings. Video analysis technique requires system 
expert to annotate the videos in order to extract essential 
contents20. In addition, adoption of physical body mark-
ers tends to affect the performance of badminton player 
especially when asked to perform a complicated action21. 

In recent years, consumer grade markerless depth 
sensor, such as Microsoft Kinect sensor is getting more 
prevalent due to its inexpensive, reliable and robust algo-
rithms in acquiring depth data. Microsoft Kinect sensor 
was initially bundled with Xbox 360 game console with 
the goal to enhance gaming experience. Interestingly, the 
sensor has attracted massive attentions from computer 
vision and robotics research community due to its broad 
application22. Recently, there have been several researches 

on motion analysis using Microsoft Kinect sensor20,23–26, 
which is specifically applied on badminton. 

In this paper, we investigate the potential and limi-
tations of the Microsoft Kinect sensor for badminton 
performance analysis, particularly on novice badminton 
player. 

2. Problem and Contribution
The emergence of the Microsoft Kinect sensor and skel-
eton tracking framework bring huge benefit to human 
centric computer vision tasks. However, not all badmin-
ton strokes can be measured accurately with the sensor. 
Ting, et al.20 reported that relative low recognition accu-
racy was obtained for certain badminton strokes in 
recognition module which is mainly due to occlusion. 
Additionally, research works from Obdrzalek, et al.27 and 
Wei, et al.28 concluded the similar problem. 

To the best of our knowledge, there has not been a 
study related with potential and limitation of Microsoft 
Kinect sensor for movement analysis on badminton. 
Therefore, our paper serves to provide a study in order 
to classify types of badminton strokes to be essentially 
mastered by beginner player, which can be adequately 
detected and measured by consumer grade depth sen-
sors such as the Microsoft Kinect sensor. We focus only 
on selected badminton strokes to be essentially mastered 
by novice player as opined by expert badminton coaches. 
Our novel contribution is towards quantifying the poten-
tial and limitations of Kinect for badminton performance 
analysis and profiling. Moreover, we analyze performance 
of the badminton players using our developed algo-
rithms20.

The rest of the paper is organized as follows: Firstly, 
we provide an overview of the biomechanics in badmin-
ton sport. Secondly, expert badminton coaches’ opinions 
on the most essential badminton strokes to be mastered 
by novice badminton player. Thirdly, we present the 
results of our evaluation of the consistency of the selected 
badminton strokes from badminton players using the 
Microsoft Kinect sensor, followed by a conclusion on the 
potential and limitations of Microsoft Kinect for badmin-
ton performance analysis and profiling.

3. Striking Skills in Badminton
Badminton requires player striking the shuttlecock called 
‘stroke’. Table 1 summarizes the range of badminton 
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strokes that can be mastered by badminton players of all 
level of skills. Key categories of movement are serve, net 
shot, drop shot, drive, smash, clear, lift, and block29.

Table 1. Range of badminton strokes

Category Stokes
Serve Forehand low, Forehand high, Backhand 

low, Flick serve
Net shot Forehand crosscourt, Backhand crosscourt, 

Forehand touch, Backhand touch, Forehand 
push, Forehand brush, Backhand push, 
Backhand brush

Drop shot Forehand, Forehand overhead, Forehand 
slice, Backhand, Backhand slice

Drive Forehand, Backhand
Smash Static, Jump, Forehand Cross court, 

Backhand
Clear Forehand, Overhead, Backhand, Defensive, 

Attacking, Underarm, Forehand Crosscourt
Lift Forehand, Backhand, Forehand Crosscourt
Block Forehand, Backhand, Forehand Crosscourt

4. Expert Opinion of Key 
Badminton Strokes for Novice
With reference to the defined badminton training model30, 
we define a novice player as a player that is not able to 
carry out the basic skills and footwork repeatedly. In 
addition, a novice player demonstrates poor shuttlecock 
striking quality, e.g. a deep clear is not sufficiently high 
and long; a drop shot is not close to the net. The player 
had also no prior training in coordination, power, fitness 
and muscle power. Moreover, a novice player never par-
ticipated in any formal and/or recreational competition.

In order to determine which strokes are important 
to novice level player, a survey was conducted during 
badminton event of SUKMA (Sukan Malaysia) Sarawak 
XVIII in Sibu, Sarawak to rank the key badminton strokes 
must essentially to be mastered by novice badminton 
players. SUKMA is viewed as a professional national 
level competition in Malaysia. The survey’s participants 
include coaches from different states of Malaysia. The 
coaches evaluated whether the specific stroke is impor-
tant for novice level and ranked each category of general 
and detailed strokes as shown in Table 1. As a result, the 
following strokes are ranked as the most important to 
master for a novice level player: clear, net, lift and smash 
as detailed in Table 2.

Table 2. Overall consistency average similarity index 
for the selected badminton strokes

Stroke Average Consistency Similarity Index (%)

Right 
Shoulder 
Joint

Right 
Elbow 
Joint

Right 
Wrist 
Joint

Right 
Hand 
Joint

Overall 
Average 
(%)

Forehand 
Crosscourt 
Lift

97.20 86.38 97.99 98.55 95.03

Backhand 
Touch Net

89.99 92.07 97.69 97.84 94.40

Backhand 
Lift

90.36 87.50 98.07 96.77 93.18

Forehand 
Lift

92.64 82.72 98.90 98.40 93.16

Forehand 
Push Net

96.73 78.86 98.04 98.22 92.96

Backhand 
Clear

84.36 90.13 97.16 97.24 92.22

Backhand 
Push Net

78.93 88.47 98.50 99.25 91.29

Forehand 
Touch Net

96.61 76.66 94.34 95.91 90.88

Forehand 
Clear

91.16 82.92 92.83 94.85 90.44

Overhead 
Forehand 
Clear

81.98 65.30 95.33 94.21 84.21

Jump 
Smash

79.45 66.56 86.24 83.98 79.06

Static 
Smash

76.69 59.70 85.92 88.28 77.65

5. Evaluation Results
The key focus of our study is to identify and quantify 
the potential and limitations of Microsoft Kinect sensor 
in analyzing and profiling badminton strokes of novice 
badminton players. In our study, we evaluated the con-
sistency of the depth imaging captured by the Microsoft 
Kinect sensor for the key badminton strokes to be mas-
tered by a novice level badminton player such as listed 
in Table 2. The selected badminton strokes are: Backhand 
clear, backhand lift, backhand push net, backhand touch 
net, forehand clear, forehand crosscourt lift, forehand lift, 
forehand push net, forehand touch net, jump smash, over-
head forehand clear and static smash as highly ranked by 
badminton coaches. 
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To acquire badminton strokes depth map sequences, 
a right-handed badminton player is instructed to per-
form the selected badminton strokes for six times (where 
the first movement serves as reference movement) 
within three meters from the Microsoft Kinect sensor. 
Subsequently, algorithms and similarity index formula20 
are employed to perform movement analysis on the col-
lected data. Specifically, our analysis is concentrating on 
right arm segment (right shoulder joint, right elbow joint, 
right wrist joint and right hand joint) due to the nature of 
the selected movements. Then, similarities index of four 
joints are obtained and overall average is computed for 
evaluation.

6. Results and Discussions
Table 2 shows the results of Overall Average Consistency 
Similarity Index (OACSI) for the selected badminton 
strokes. The Average Consistency Similarity Index (ACSI) 
for each joint (i.e. right shoulder, right elbow, right wrist 
and right hand) is attained from the five sample bad-
minton strokes after self-benchmarking activity with 
the reference stroke. Then, OACSI is computed using 
the ACSI from each joint. Obviously, jump smash, static 
smash and overhead forehand clear achieved relative low 
similarity index as compared to other badminton strokes. 
The low similarity index may be due to occlusion of the 
body joint. For instance, the right shoulder and right 
elbow joints are occluded by forearm segment when the 
player is performing a vertical swinging motion for jump 
and static smash. Besides, the low similarity index can 
also be attributed to the loss of acquisition data due to 
fast moving motion. The Microsoft Kinect sensor, which 
is catered with frame rate of 30, might not be sufficient 
to capture adequate detail of the fast-moving motion, for 
instance, smash commonly associated with power and 

speed. Figure 1 exhibits the inconsistency analysis of right 
elbow joint for static smash.

7. Conclusion
In conclusion, we have successfully identified the key 
badminton strokes that can be measured and analyzed 
accurately and consistently with Microsoft Kinect sensor 
are as forehand crosscourt lift, backhand touch net, back-
hand lift, forehand lift, forehand push net, backhand clear, 
backhand push net, forehand touch net and forehand clear. 
At the same time, it is also found that Microsoft Kinect 
sensor measurements are limited for badminton strokes 
such as static smash, jump smash and overhead forehand 
clear.

Moving forward, more experimentation with novice 
players will be carried out to confirm the consistency of 
Microsoft Kinect sensor for performance analysis such as 
to include left-hander players. Besides, the current per-
formance analysis algorithm using skeleton information 
will be incorporated with color information in order to 
resolve the occlusion issue. Furthermore, we envision 
ultimately correlating the analysis results with badminton 
players’ biometric data such as heart beat and breathing 
rates.

8. Acknowledgements
This work was supported by University College of 
Technology Sarawak research grant.

9. References
1. Franks I, Hughes M. Notational analysis of sport: Systems 

for better coaching and performance in sport. 2nd ed. 
Routledge Press; 2004.

2. Richards H. Distance learning pack: Performance profiling. 
University of Edinburgh; 2008.

3. Jones G. The role of performance profiling in cognitive 
behavioural interventions in sport. The Sport Psychologist. 
1993 Jun; 7(2):160–72. 

4. Weston N, Greenless I, Thelwell R. Athlete perceptions of 
the impacts of performance profiling. International Journal 
of Sport and Exercise Psychology. 2011 Jun; 9(2):173–88.

5. Andrew B, David T, Alexander JJ. Coaches’ perceptions of 
the potential use of performance analysis in badminton. 
International of Performance Analysis in Sport. 2012 Aug; 
12(2):452–67.Figure 1. Consistency graph of right elbow joint for static 

smash.



Indian Journal of Science and Technology 5Vol 9 (45) | December 2016 | www.indjst.org 

Huong Yong Ting, Yong Wen Daniel Tan and Boung Yew Simon Lau

6. Dario S, Dragan M, Goran S. Performance analysis in sport. 
Proceeding of 4th International Scientific Conference 
Contemporary Kinesiology. Faculty of Kinesiology, 
Unversity of Split;  Croatia. 2012. p. 1–8.

7. Nunes JF, Moreira PM, Tavares JMR. Human motion 
analysis and simulation tools: A survey. Handbook of 
Research on Computational Simulation and Modeling in 
Engineering, IGI Global; 2016. p. 1–30.

8. Teu KK, Kim W, Tan J, Fuss FK. Using dual Euler angles for 
the analysis of arm movement during badminton smash. 
Sport Engineering. 2005 Jan; 8(3):171–8.

9. Huang HC, Lin CT, Hu CS. Analysis of selection indicators 
of badminton players by the delphi method and analytic 
hierarchy process. International Journal of Computer 
Science and Information Technology. 2015 Feb; 7(1):19–31.

10. Salim MS, Lim HN, Salim MN, Baharuddin MY. Motion 
analysis of arm movement during badminton smash. 
Proceeding of 2010 IEEE EMBS Conference on Biomedical 
Engineering and Sciences; Malaysia. 2010. p. 111–4.

11. Nagasawa M, Hatori Y, Kakuta M, Hayashi T, Sekine 
Y. Smash motion analysis for badminton from image. 
Proceeding of IIEEJ 3rd Image Electronics and Visual 
Computing Workshop; Malaysia. 2012.

12. Hussain I, Bari MA. Kinematical analysis of forehand and 
backhand smash in badminton. Innovative Systems Design 
and Engineering. 2011 Nov; 2(7):20–5.

13. Ning Y. Research of badminton forehand smash technology 
based on biomechanical analysis. Journal of Chemical and 
Pharmaceutical Research. 2013 Nov; 5(11):172–7.

14. Teng SL, Paramesran R. Detection of service activity in a 
badminton game. Proceeding of TENCON 2011 - IEEE 
Region 10 Conference; Indonesia. 2011. p. 312–5.

15. Yoshikawa F, Kobayashi T, Watanabe K, Otsu N. Automated 
service scene detection for badminton game analysis using 
CHLAC and MRA. World Academy of Science, Engineering 
and Technology. 2010 Feb; 4:841–4.

16. Hussain I, Ahmed S, Bari MA, Ahmad A, Mohammad A, 
Khan A. Analysis of arm movement in badminton of fore-
hand long and short service. Innovative Systems Design 
and Engineering. 2011 Aug; 2(3).

17. Liu G, Zhang D, Li H. Research on action recognition of 
player in broadcast sports video. International Journal of 
Multimedia and Ubiquitous Engineering. 2014; 9(10):297–
306.

18. Tsai CL, Chang SS. Biomechanical analysis of differences 
in badminton smash and jump smash between Taiwan 

elite and collegiate player. Proceeding of XVI International 
Symposium on Biomechanics in Sports; Germany. 1998. p. 
259–62.

19. Chang T, Chan K. Local sensor system for badminton 
smash analysis. Proceeding of 2009 IEEE Instrumentation 
and Measurement Technology Conference; Singapore. 
2009. p. 883–8.

20. Ting HY, Sim KS, Abas FS. Kinect-based badminton move-
ment recognition and analysis system. International Journal 
of Computer Science in Sport. 2015 Jan; 14(2):25–41.

21. Cabello Manrique D, Gonzalez-Badillo JJ. Analysis of the 
characteristics of competitive badminton. British Journal of 
Sports Medicine. 2003 Feb; 37(1):62–6.

22. Giles J. Inside the race to hack the Kinect. The New Scientist. 
2010 Dec; 208(2789):22–3.

23. Dong J. Study on badminton system with auxiliary training 
based on Kinect motion capture. Computer Modelling and 
New Technologies. 2013; 17(5D):97–100.

24. He ZD, Hu RM, Xu JC. The development of badminton 
auxiliary training system based on Kinect motion capture. 
Advanced Materials Research. 2014 May; 926-930:2735–8.

25. Ting HY, Sim KS, Abas FS. Kinect-based badminton action 
analysis system. Advanced Materials Research. 2014 Oct; 
1042:94–9.

26. Ting HY, Sim KS, Abas FS. Automatic badminton action 
recognition using RGB-D sensor. Advanced Materials 
Research. 2014 Oct; 1042:89–93.

27. Obdrzalek S, Kurillo G, Ofli F, Bajcsy R, Seto E, Jimison 
H, Pavel M. Accuracy and robustness of Kinect pose esti-
mation in the context of coaching of elderly population. 
Proceeding of 34th Annual International Conference of the 
IEEE Engineering in Medicine and Biology Society; USA. 
2012. p. 1188–93.

28. Wei T, Lee B, Qiao Y, Kitsikidis A, Dimitropoulos K, 
Grammalidis N. Experimental study of skeleton track-
ing abilities from Microsoft kinect non-frontal views. 
Proceeding of 3DTV-Conference: The True Vision - 
Capture, Transmission and Display of 3D Video; Portugal. 
2015. p. 1–4.

29. Woodward M. Badminton coach education coaches’ man-
ual level 1. Badminton World Federation; 2011.

30. Badminton basics for beginners. 2016. Available from: 
http://www.masterbadminton.com/badminton-basics.html


